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Sudy on Esimation Sability of Nested Logit Modds
By Akira KIKUCHI, Yoshihisa ASUKABE, Shusaku NAKAI, Satoshi FUJII and Ryuichi KITAMURA
The Nested Logit Modd is a dass of non-IIA discrete choice models that can handle corrdation among the dternatives.
Although they have been frequently applied in choice andlysis, properties of their parameter estimates are not well known. The
nested logit estimation exercise on smulated data sets in this sudy shows that parameter estimates and choice probatiilities are
stable when the nest structure is identified correctly. However, if another structure is identified and moreover the corrdation

between error termsislow, scale-parameter etimaesareingable.






